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ABSTRACT 
 

Aim: This research investigates the interconnections among Data Analytics, Artificial                    
Intelligence, and other cutting-edge technologies to enhance comprehension of fraud                   
prevention. The advantages of integrating machine learning and data analytics into                            
artificial intelligence systems for industry-wide fraud detection and prevention are examined in this 
study. 
Study Design: My approach involved conducting an extensive examination of existing literature 
and analysing numerous case studies to gather information on the role of artificial intelligence, 
data, and analytics in fraud prevention.  
Place and Duration of the Study: A broad spectrum of academic, corporate, and governmental 
sources is utilised to supply the research study with its international scope. This study examines 
publications and developments from 2019 to 2023. 
Methodology: The research procedure incorporated an exhaustive literature review. This 
assessment was composed of academic journals, conference proceedings, and official 
publications. A qualitative analysis was conducted to assess the data, identify commonalities, and 
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evaluate the strengths and weaknesses of AI fraud protection solutions. A more comprehensive 
examination of practical implementations was facilitated by case studies, which enhanced 
comprehension of fraud prevention strategies propelled by AI. 
Results: The research revealed important findings concerning the various ways in which analytics, 
data, and artificial intelligence can be implemented to prevent fraudulent activities. An examination 
of comparisons between generative AI for social engineering, credit card analytics, and cyber-
physical security for Internet of Things (IoT) networks illuminated the merits and demerits of 
different Artificial Intelligence (AI) approaches.  
Conclusion: According to the findings of the study, AI, data, and analytics may alter system 
defences against fraud. The above-mentioned results underscore the significance of flexible fraud 
prevention strategies. Constant collaboration, innovative technology, and ongoing investigation are 
required to remain ahead of evolving fraud techniques. The paper concludes by emphasising the 
significance of future challenges and orientations. 
 

 

Keywords: Artificial intelligence; data analytics; fraud prevention; financial data analysis; java; 
machine learning; military applications; real-time data engineering. 

 

1. INTRODUCTION 
 

Due to the pervasive and ever-evolving nature of 
this threat, critical infrastructures, information 
networks, and financial systems are susceptible 
to compromise by malicious actors. Methods that 
are both innovative and resilient are required to 
combat fraud. Because fraud advances with 
technology, this is the case. A multitude of 
deceitful techniques take advantage of 
vulnerabilities in systems and processes, thereby 
augmenting the intricacy and reach of fraudulent 
activities. Financial fraud, identity theft, and cyber 
fraud are just a few examples of the broad 
spectrum of consequences that fraud can inflict 
on organisations, individuals, and society at 
large. Examples include financial problems, 
identity theft, and cybercrime by Patel [1]. 
 
In the battle against fraud, technology has 
become indispensable. Contemporary 
progressions in artificial intelligence (AI), data 
analytics, and powerful computing devices have 
enhanced the capacity of society to identify, 
avert, and mitigate fraudulent activities. Due to 
the complexity of contemporary fraud, 
conventional approaches are inadequate by 
Çelebi [2]. Therefore, technology is 
indispensable for fortifying our defences. To 
prevent fraud, artificial intelligence, data, and 
analytics are combined. By integrating multiple 
technologies, intelligent systems can detect fraud 
with speed and precision. A multitude of systems 
examine vast databases, detect patterns, and 
implement these observations. This alliance 
safeguards sensitive information, mitigates risk, 
and prevents fraud. 
 
The intricate relationship between AI, data, and 
analytics in fraud prevention is examined in this 

article. The investigation will examine how these 
three technologies synergistically fortify 
defensive systems. Our objective is to conduct 
an exhaustive analysis of fraud prevention 
through a review of pertinent scientific literature. 
Analysing methods, progressions, and the 
environment are all components of this. A 
popular subject is safeguarding the future digital 
ecosystem against deception. The broad-ranging 
investigation makes a substantial contribution to 
the discourse. 
 

2. METHODOLOGY 
 

2.1 Criteria for Selecting Referenced 
Articles 

 

A variety of criteria were employed in the 
selection process of the papers for this review. 
This ensured the currency and calibre of the 
cited material. Before commencing, the papers 
were required to explicitly tackle the central 
theme of the review, which was the integration of 
artificial intelligence, data, and analytics to 
combat fraud. By implementing this criterion, we 
could ascertain that the chosen papers made a 
valuable contribution to the research topic. 
Furthermore, the pertinent study must been 
published no later than the past five years, 
unless it is a seminal piece of work that 
established the foundation for subsequent 
investigations. The purpose of this time metric 
was to monitor industry developments. To 
ascertain that the review comprised 
knowledgeable and extensively investigated 
resources, we exclusively incorporated peer-
reviewed journal articles. To ensure a 
comprehensive evaluation, papers from banking, 
healthcare, cybersecurity, and other industries 
were solicited. Thus, it became feasible to 
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conduct an exhaustive examination of the 
limitations and potential applications of                         
AI-driven fraud prevention across various 
domains. 

 
2.2 Search Strategy and Databases Used 
 
By conducting a systematic search across 
multiple databases, pertinent publications were 
located. Medical fraud prevention and AI in 
healthcare were the subjects of PubMed articles. 
Due to its emphasis on technical literature, IEEE 
Xplore is a valuable resource for locating 
publications that discuss the practical 
applications of artificial intelligence in the fields of 
finance and cybersecurity. Google Scholar 
combed through numerous disciplines to ensure 
that the paper presents a variety of viewpoints. 
On JSTOR, we discovered legal and                    
historical literature on the role of artificial 
intelligence in preventing fraud. These 
databases' integration enabled a comprehensive 
literature review. This exhaustive examination of 
AI, DA, and healthcare addressed legal and 
historical concerns. 
 

2.3 Inclusion / Exclusion Criteria 
 
To ensure the quality and pertinence of the 
articles, specific criteria for inclusion and 
exclusion were established: 

 
2.4 Inclusion Criteria 
 
• Prevention-related AI, data, and analytics-

related topics. 

• A process of peer review ensures the 
scholarly rigour of the articles. 

• Sincere writings that have been published 
within the last five years, with the exclusion 
of seminal works. 

 
2.5 Exclusion Criteria 
 

• Certain papers on combating fraud 
disregarded analytics, data, and AI. 

• For the sake of academic credibility, avoid 
utilising unreviewed sources. 

• Unrelated to healthcare, cybersecurity, 
finance, and other fields, a variety of 
articles. 

 
The evaluation conducted was comprehensive 
and in-depth due to its rigour in searching for 
databases containing high-quality and pertinent 
content. 

2.6 Technological Foundations in Fraud 
Prevention 

 
2.6.1 Credit card analytics 
 
Credit card analytics is a significant fraud 
prevention topic due to the sophisticated 
methods it employs to detect and assess fraud 
risks. In this section, Credit Card Analytics 
methodologies are examined in depth. Credit 
Card Analytics detects fraud through the use of 
rule-based systems and sophisticated machine 
learning algorithms. Detecting fraud, rule-based 
systems make use of regulations and patterns 
Bredt [3]. A credit card may generate an alert if it 
is utilised to make a series of substantial 
purchases within a brief period. Transaction 
records may be analysed by machine learning 
algorithms to identify anomalous patterns that 
could indicate fraud. These algorithms adapt to 
fraudulent behaviour patterns through self-
learning. 
 
The study conducted by Schmitt and Flechais [4] 
regarding fraud detection methods is of                  
utmost importance in contemporary credit card 
analytics. 
 
2.6.2 Risk assessment strategies 
 
In addition to fraud detection, Credit Card 
Analytics employs stringent risk assessment 
techniques to approximate the probability and 
consequences of fraudulent activities. A risk 
index is assigned to each transaction after an 
extensive examination of past transactions, user 
conduct, and regional trends. To ensure the 
security of high-risk transactions, supplementary 
authentication procedures or a thorough 
examination are implemented. 
 
Attkan and Ranga [5] further investigates the 
impact of data analytics and artificial intelligence 
on the evaluation of credit card transaction risk. 
Patel evaluates risk assessment methods on an 
ongoing basis to enhance Credit Card Analytics 
and prevent fraud. This ensures that fraud 
prevention is more effective. 
 
In summary, Credit Card Analytics employs a 
technological solution that seamlessly integrates 
methods for assessing risk and detecting 
fraudulent activities. Rule-based systems and 
machine learning algorithms are among the most 
advanced methods for securing financial 
transactions and reducing deceit, according to 
Patel's research. 
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Fig. 1. Framework of the study  
[source: (Self-created)] 

 
2.6.3 AI in management information systems 
 

In management information systems (MIS), data 
processing and data security have been 
fundamentally transformed by artificial 
intelligence (AI). The influence of artificial 
intelligence (AI) on business analytics within MIS 
is emphasised in a study by Mazzini [6]. The 
integration of AI into MIS can prevent fraud. 
Çelebi's research investigates the fields of data 
analytics and machine learning, demonstrating 
the potential of AI-driven algorithms to detect 
anomalies and patterns within extensive 
datasets. Firms require this capability to 
effectively monitor risks and promptly address 
instances of fraud. 
 

Çelebi asserts that the implementation of AI-
powered predictive analytics in management 
information systems (MIS) signifies a 
fundamental shift. By utilising complex algorithms 
and historical data, predictive models assist 
businesses in predicting fraud. Organisations 
must adopt a proactive approach to remain 
competitive in the face of evolving fraud 
techniques. They can implement preventative 
measures before the escalation of fraud. 

Further, Chintalapati [7] stresses the importance 
of incorporating explicable AI models into MIS. In 
AI decision-making, transparency and openness 
are crucial so that humans may comprehend and 
interpret model outcomes. Çelebi's study makes 
a valuable contribution to the discourse 
surrounding dependable and explicable AI in 
MIS, thereby strengthening the field of fraud 
prevention, which places a premium on 
comprehending and safeguarding dependability. 
 
The research of Çelebi indicates that the 
incorporation of AI into management information 
systems has significantly enhanced measures 
aimed at preventing fraud. With the assistance of 
artificial intelligence, business analytics can 
enhance anomaly detection and decrease fraud 
risk. They maintain their adaptability and 
resilience in the face of evolving fraud methods 
as a result. 
 

2.7 AI Applications in the Financial Sector 
 

2.7.1 Potential and public strategies 
 

Artificial intelligence has the potential to 
revolutionise fraud prevention protocols within 
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the financial industry. Yigitcanlar et al., [8] 
examined AI deployments in the financial sector. 
The importance of public participation in financial 
system security and the capacity of artificial 
intelligence to detect and prevent misconduct are 
highlighted in the report. 
 
Coordination is crucially dependent on public 
initiatives due to the dynamic nature of financial 
deception. Bredt's research indicates that 
regulators, government agencies, and financial 
institutions could work together to develop AI-
based solutions. Adopting a proactive and 
collaborative approach serves to fortify the 
financial sector's defences against fraudulent 
activities. This may be accomplished through 
enhanced public-private partnerships and the 
exchange of misconduct trends. 
 

3. FINTECH RESEARCH AND POLICY 
DISCUSSION 

 
With the convergence of AI and Fintech, the 
discourse surrounding fraud prevention has 
shifted. The survey conducted by Chamola et al., 
[9] assesses the financial impacts of Fintech. 
Policy and research concerns are emphasised in 
the entirety of the study. This paper illuminates 
the disruptive effects that AI and Fintech have 
had on conventional financial establishments. 
Thus, the impact of these developments on fraud 
prevention measures is investigated. 
 
Fintech has brought about a significant paradigm 
shift within the financial industry. Organisations 
that implement state-of-the-art financial 
technologies contribute to the proliferation of 
fraudulent activities. It examines the complex 
correlation that exists between Fintech and 
fraudulent activities. To provide comprehensive 
fraud prevention measures, this paper 
investigates how legislators can anticipate and 
resolve emerging issues as Fintech's impact on 
the financial sector is analysed. In summary, the 
examinations conducted regarding AI 
applications in the financial industry demonstrate 
the impact that public policies and policy 
discussions have on the security of financial 
transactions. These studies also investigate the 
capabilities of AI in preventing deception Morgan 
et al., [10]. 
 

3.1 AI in Healthcare Fraud Detection 
 
To manually detect fraudulent activity, it is 
necessary to check into the fraud index. The first 
step is to determine the conditions that must be 

met for an instance to be sent for analysis. The 
second step is to develop a list of potential 
warning signs and the outcomes of those 
warnings. It would appear that human auditing 
and investigation of Medicare claims for fraud is 
an exceedingly time-consuming and 
inappropriate process when compared to 
methods such as data mining and machine 
learning Allen et al., [11]. Using data from 
healthcare providers to identify fraudulent activity 
is laden with challenges. Big data is defined by 
its four pillars: volume, variety, velocity, and 
veracity. The situation is defined by these terms. 
For the healthcare industry to become a 
successful business, this fraud must be 
eliminated or reduced as a top priority. Because 
numerous businesses have gained tremendous 
benefits from machine learning systems that 
detect and prevent fraud in real-time, one of the 
most enticing applications of artificial intelligence 
might be used to minimise healthcare fraud. 
There is a wide range of automated technologies 
available for the detection of healthcare fraud. 
Some examples of these methods include rule-
based systems, neural networks, supervised and 
unsupervised learning, data mining, computation 
intelligence models, deep learning, decision 
support systems, and big data analytics. These 
solutions take advantage of claim data that is 
already available. In view of this, it can be 
concluded that with the help of artificial 
intelligence, it is possible to efficiently carry out 
predictive analysis in every field to identify 
fraudulent activity. 

 
3.2 Use of Big Data in Tax Fraud 

Problems  
 
To discover patterns, trends, outliers, rules, and 
anomalies, data analytics is a useful tool for 
managing vast and sophisticated datasets. This 
is accomplished through the use of certain 
methodologies, models, algorithms, and tools. 
This analysis and process cannot be carried out 
manually because it is not practicable. More 
advanced data analytics is not only capable of 
managing large taxpayer offices (LTOs), but it is 
also capable of managing typical taxpayers, 
small taxpayers, and individual taxpayers Saleh 
et al., [12]. we must stick to these rules to make 
effective use of data analytics methods. When 
establishing an analytics model, it is essential to 
bear in mind not just the basics of the 
organisation, but also the metrics and indications 
that are specific to the industry. All of the 
components that make up the appropriate 
technology are algorithms, models, trends, and 
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concepts that have been tried and tested. 
Performing pre-processing to collect data of a 
high quality. Excellent results are produced by 
data that is of a superior quality. Make use of the 
usual methods of data analytics to detect 
fraudulent activity by modifying dimensions. 
Continuous improvement of fraud detection 
standards and models is something that should 
be implemented Inkster et al., [13]. 
 

3.3 Big Data Analytics for Preventing 
Fraud 

 

An unstructured community study is one method 
that can be utilised to discover and organise the 
connections that exist between various things or 
individuals. It is possible to utilise this strategy to 
detect extortion networks that are coordinated by 
searching for examples of known fraudsters 
communicating with one another or acting 
together against one another. "Artificial 
intelligence (AI)" and "deep learning" are two 
fields that are fast expanding, and they have the 
potential to change the existing placement of the 
scam Puaschunder [14]. The utilisation of 
artificial intelligence and deep learning allows for 
the development of improved predictive models 
that are capable of detecting fraudulent 
transactions with a greater degree of precision. 
In the context of extortion locating systems, the 
application of artificial intelligence and deep 
learning allows for the automation of tasks such 
as data processing and example recognition. As 
the extortion business continues to evolve, the 
utilisation of artificial intelligence (AI), deep 
learning (DL), and predictive analytics (PDA) is 
becoming increasingly commonplace. With the 
use of these techniques, we can automate 
operations related to extortion discovery, identify 
coordinated extortion organisations, and identify 
prospective deception tactics.  
 

The expression "social network analysis" (SNA) 
refers to a technique that is used to determine 
and organise the links that exist between 
different entities. By employing this approach, it 
is possible to recognise coordinated deception 
networks by searching for instances of 
communication or collaboration among 
individuals who have been convicted of 
fraudulent activities Hacker [15].  
 

To identify misleading networks, one method to 
use SNA is to check for the following: 
 
The most popular methods that fraudsters use to 
interact with victims are through the use of email 
addresses, phone numbers, and IP addresses.  

Continuation of this correspondence: Those who 
engage in con artists frequently contact with one 
another, either directly or through middlemen. 
 
Similar patterns of conduct Con artists frequently 
display similar patterns of behaviour, such as 
participating in substantial transactions that are 
out of the ordinary or utilising different accounts 
Hassija et al., [16]. SNA has the potential to be 
an efficient instrument for identifying coordinated 
extortion rings provided it is utilised appropriately. 
Having said that, it is important to keep in mind 
that SNA is not a completely infallible strategy. To 
evade detection using SNA, fraudsters will resort 
to any means possible to conceal their actions. 
To locate organisations that engage in 
coordinated deception, SNA is an excellent 
investigation technique. Nevertheless, it is 
essential to combine it with other strategies, such 
as rule-based frameworks and predictive display, 
to enhance the accuracy of misrepresentation 
identification. 
 

3.4 AI and Security Challenges 
 
3.4.1 Generative AI in social engineering 

 
3.4.1.1 Digital deception insights 
 
Security vulnerabilities have been altered by 
Generative Artificial Intelligence (AI), specifically 
social engineering. Particularly concerning social 
engineering. Generational models propelled by 
artificial intelligence aid in comprehending the 
sophisticated digital deception strategies of 
malicious entities. Artificial intelligence systems 
exhibit their remarkable capacity to simulate 
human discourse through the generation of 
information that is both contextually suitable and 
persuasive Ghosh and Scott [17]. The possibility 
of sophisticated cyberattacks in which artificial 
intelligence data deceives both humans and 
security systems have been exposed by digital 
deception. 
 
3.4.1.2 Risks in social engineering and phishing 
 
The use of generative artificial intelligence in 
social engineering is problematic, with phishing 
being particularly pervasive. By generating 
personalised, contextually pertinent phishing 
messages, AI-powered systems can make it 
more difficult for recipients to distinguish between 
legitimate and fraudulent emails Vyas [18]. The 
threat is heightened when Generative Artificial 
Intelligence (AI) automates social engineering, 
which renders phishing more effective and 
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scalable. In light of the escalating prevalence of 
cybersecurity threats, specifically social 
engineering facilitated by artificial intelligence, 
enhanced detection and prevention measures 
are imperative. 
 

 4. CYBER-PHYSICAL SECURITY FOR 
IOT NETWORKS 

 
4.1 Traditional Approaches 
 
Massive quantities of data and networked 
devices are produced by Internet of Things (IoT) 
networks, which distinguishes network security. 
Methods for securing the Internet of Things have 
centred on access control, encryption, and 
authentication Jha et al., [19]. Although effective, 
these approaches are inadequate in tackling the 
constantly evolving landscape of cyber threats. 
As a result of the previous model's inadequate 
capability to manage the extensive and intricate 
Internet of Things ecosystems, susceptibilities 
persist and can be exploited. 

 
4.2 Blockchain and AI-Based Key 

Security 
 
Innovative approaches that address existing 
technical vulnerabilities are enhancing the cyber-
physical security of IoT networks. Blockchain and 
AI are crucial components of these solutions' 
security. The immutable and decentralised ledger 
of blockchain technology enhances data integrity 
and safeguards transactions on the Internet of 
Things Rangineni and Marupaka [20]. Security 
that is critical and dependent on artificial 
intelligence adjusts. To detect threats and 
anomalies in the Internet of Things networks, 
these metrics are in a constant state of evolution. 
This approach has the potential to fortify and 
avert cyber assaults within the interconnected 
realm of IoT devices. This facilitates the 
resolution of intricate security issues that have 
arisen due to the pervasive adoption of Internet 
of Things devices. 
 

4.3 Explainability and Trust in AI 
 
The increasing adoption of artificial intelligence 
models across a variety of disciplines has 
sparked debates regarding their interpretability 
and transparency. "Explainability" is the term 
used by artificial intelligence to refer to the 
capability of systems to provide grounds for their 
reasoning. Explainable AI (XAI) is a critical 
component of artificial intelligence, particularly in 

safety and financial contexts where the 
prevention of deception is vital Singla and Jangir 
[21]. An authentic AI must explain. Users, 
stakeholders, and regulators must comprehend 
AI decision-making. To establish public 
confidence in artificial intelligence, we must 
furnish unambiguous disclosures and precise 
prognostications [22]. Gupta concerning the 
difficulties and successes associated with 
developing artificial intelligence systems that are 
more explicable and comprehensible. 
Explainability is an essential element in fostering 
confidence and facilitating the integration of AI-
driven solutions throughout sectors that are 
particularly vulnerable to fraud, given the 
increasing significance of AI in fraud prevention. 
 

5. THE IMPORTANCE OF 
EXPLAINABILITY IN FRAUD 
PREVENTION 

 

Preventing deception requires artificial 
intelligence to provide explanations. Due to the 
substantial hazards associated with decisions, 
prompt and precise resolutions are frequently 
required. End-users are linked to sophisticated 
algorithms via explanatory AI, which is essential 
for establishing confidence in the judgements of 
AI systems Donning et al., [23]. To deter 
fraudulent activities, regulatory bodies, affected 
parties, and investigators must possess the 
ability to substantiate a transaction that is 
suspected of being fraudulent. 
 

The assessment by Mohanty and Mishra [24] 
demonstrates that the trustworthiness of artificial 
intelligence extends beyond mere adherence to 
regulatory requirements. Stakeholder confidence 
in and adoption of artificial intelligence 
technologies for fraud prevention is positively 
correlated with their comprehension of the 
decision-making process of such models. 
Establishing trust and acceptance is of utmost 
importance in AI-driven fraud prevention, and this 
becomes increasingly true as the role of AI in 
safeguarding against fraudulent activities 
evolves. To gain approval and confidence, 
explainability must take precedence. 
 

6. CASE STUDIES AND APPLICATIONS 
 

6.1 Military Applications of AI 
 

New military applications are being developed for 
artificial intelligence (AI), a prominent technology. 
Its innovations in fraud-fighting techniques and 
military strategies are undergoing a paradigm 
shift. Several RAND Corporation studies focus 
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on the application of AI in warfare Lai et al., [25]. 
The numerous ways in which AI can increase 
operational efficiency and decrease misconduct 
are illustrated by these results. The fraud-fighting 
challenges faced by military organisations are 
studied in depth by the RAND Corporation. In 
this endeavour, artificial intelligence can make a 
significant impact Goyal et al., [26]. 
 

Preventing fraud in military operations 
incorporates not only the aforementioned 
concern of money fraud but also a diverse array 
of unethical behaviours that have the potential to 
compromise mission-critical operations. To 
combat military misconduct, inconsistencies in 
the allocation of resources, personnel 
management, and procurement are detected via 
the application of advanced machine learning 
algorithms and analytics powered by artificial 
intelligence Lavanya et al., [27]. The findings of a 
research endeavour undertaken by the RAND 
Corporation provide insights into the capability of 
artificial intelligence systems to detect and avert 
fraudulent behaviour, thereby ensuring the 
protection of military processes and resources. 
 

6.2 Real-Time Fraud Score Calculation 
 

The historical data lake is mined by AI algorithms 
for vital information. The transaction's total 
amount, duration, user activity, device location, 
and other pertinent data may be included as 
features. To detect fraud, these characteristics 
are modified and selected via feature 
engineering. To train the artificial intelligence 
model, classified data demonstrating the veracity 
of actions is utilised. There are both valid and 
fraudulent instances in this data set. Every form 
of case is addressed Fatima and Aladwan [28]. 
Surveillance and anomaly detection enables the 
model to extract novel insights from the data. 
The artificial intelligence model discovers 
patterns and correlations in activity data. This 
functionality enables it to differentiate between 
authentic and deceitful operations. The AI model 
can designate fraud scores to new transactions 
or activities following training. After analysing 
new data, the model generates an indication of 
fraud risk in the form of a likelihood score. This 
occurs when dishonesty is considered. Fraud risk 
may be assigned a binary value of "yes" or "no" 
or a dynamic numeric value. 
 

6.3 Java in Action: AI for Fraud Detection 
and Prevention 

 

The implementation of AI applications, 
particularly those associated with Java 

programming, has brought about substantial 
transformations in the fields of fraud detection 
and prevention. The work Buyuktepe et al., [29] 
includes the incorporation of AI-powered fraud 
prevention with Java technology. It investigates 
how Java provides a robust foundation for the 
development of AI algorithms. This action 
enhances the detection of fraudulent activities. 
This study investigates the potential of Java 
features and capabilities to enhance the 
efficiency and productivity of anti-fraud AI 
systems. 
 

Java is crucial for fraud detection systems 
powered by artificial intelligence, according to 
Karmustaji [30] research. For the development 
and implementation of AI algorithms in a flexible 
environment, Java is the optimal choice. 
Additionally, it is compatible with existing 
systems and databases. Java's scalability and 
cross-platform interoperability render it an 
optimal choice for the notoriously challenging 
task of large-scale fraud detection Campedelli 
[31]. The research results in a dependable and 
effective fraud protection solution that employs 
Java and artificial intelligence can aid 
organisations in their fight against the 
proliferation of fraudulent practices in a variety of 
operational contexts. 
 

6.4 AI in Governance and Policy 
Development 

 

In recent years, the integration of Artificial 
Intelligence (AI) in governance has become a 
subject of paramount importance. Governments 
around the world are leveraging AI technologies 
to enhance administrative efficiency, increase 
transparency, and provide more effective public 
services. This section delves into the crucial 
intersection between AI and governance, 
exploring governance strategies, policy 
development for ethical AI, and the role of 
advanced networking applications. 
 

6.5 Governance Strategies for AI 
Integration 

 

Governments worldwide are navigating the 
complexities of integrating AI into their 
operations. The research conducted by Huang et 
al., [32] offers a comprehensive analysis of AI 
integration in the German government. This 
research highlights governance strategies that 
have been implemented to successfully integrate 
AI technologies into public sector functions. 
Understanding the governance models adopted 
in different regions provides valuable insights into 
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the challenges and opportunities associated with 
incorporating AI into governmental frameworks. 
Effective governance of AI involves establishing 
clear guidelines, regulations, and oversight 
mechanisms. Governments must strike a delicate 
balance between encouraging innovation and 
ensuring responsible use of AI technologies by 
O. Bodemer [33] in "Artificial Intelligence in 
Governance". By examining real-world cases, 
such as those presented by Bodemer, 
policymakers can gain valuable insights into the 
practical aspects of AI integration and formulate 
governance strategies that align with their unique 
contexts. 
 

6.6 Policy Development for Ethical AI 
 

As AI technologies advance, ethical 
considerations and regulatory frameworks 
become imperative. D. Chhillar & R. V. Aguilera, 
[34] in "An eye for artificial intelligence", provide 
insights into the governance of AI and emphasize 
the need for ethical guidelines. The research 
delves into the vision for future research, 
encompassing the development of policies that 
ensure responsible and ethical AI deployment. 
The establishment of ethical guidelines is crucial 
to address concerns related to bias, privacy, and 
the societal impact of AI applications. 
Governments need to actively participate in 
shaping the ethical landscape of AI, fostering 
innovation while safeguarding the rights and 
interests of their citizens. Chhillar and Aguilera's 
work contributes to the ongoing dialogue on the 
governance of AI, emphasizing the importance of 
robust policies to guide the development and 
deployment of AI technologies. 
 

6.7 Networking Applications and 
Software-Defined Networking (SDN) 

 

Y. Zhao et al.'s [35] survey on networking 
applications applying software-defined 
networking is instrumental in understanding the 
technical aspects of AI in governance. By 
exploring networking applications, including 
Software-Defined Networking (SDN) concepts 
driven by machine learning, governments can 
develop robust communication infrastructures 
that facilitate the effective implementation of AI-
driven policies. Advanced networking 
technologies play a pivotal role in supporting the 
implementation of AI in governance. SDN, when 
integrated with machine learning, enables 
dynamic and adaptive network configurations, 
enhancing the responsiveness of government 
systems. The survey by Zhao and colleagues 
sheds light on the potential of networking 

applications to create resilient and scalable 
infrastructures, crucial for supporting the growing 
demands of AI-driven governance. The 
intersection of AI and governance necessitates a 
thoughtful approach to strategy, policy, and 
infrastructure. Governments leveraging AI must 
develop governance models that promote 
innovation, establish ethical guidelines, and 
invest in advanced networking technologies. The 
contributions of Bodemer, Chhillar, Aguilera, and 
Zhao offer valuable perspectives for 
policymakers navigating the complex landscape 
of AI in governance. As nations continue to 
embrace AI, a robust governance framework 
becomes indispensable for realizing the full 
potential of these transformative technologies. 
 

7. RESULTS AND DISCUSSION 
 

7.1 Comparative Analysis of AI 
Techniques for Fraud Detection 

 

This subject may be illuminated through an 
assessment of fraud detection algorithms based 
on artificial intelligence. The efficacy of fraud 
prevention and detection measures exhibits 
variability. The precision, scalability, and 
adaptability of AI technologies—including rule-
based systems and potent machine learning 
algorithms—have been subjected to rigorous 
testing about novel forms of fraud. A comparison 
of the two fraud detection methods enables one 
to discern their respective merits and drawbacks. 
Conversations regarding the pragmatic 
ramifications of the comparative study have 
proposed hybrid approaches that optimise the 
functionalities of several artificial intelligence 
tools to enhance fraud prevention. 
 

7.2 Role of Machine Learning in Real-
Time Financial Data Analysis 

 

Analysing real-time financial data with machine 
learning enables one to comprehend the 
dynamic landscape of anomaly detection 
algorithms, which may be indicative of fraud. It 
seems that machine learning systems that have 
been trained on extensive historical datasets 
possess an exceptional ability to identify and 
comprehend new patterns of dishonesty. This 
article examines the potential of machine 
learning in real-time financial data processing to 
prevent fraud through the facilitation of prompt 
decision-making. The processing of data in real-
time by machine learning enables organisations 
to detect and prevent fraud. This provides them 
with a competitive edge as they seek out 
seasoned con artists. 
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List 1. Merits and demerits of digital platforms 
 

Key Area Merits Demerits 

Generative AI 
for Social 
Engineering 

The analysis revealed the potential of 
generative AI in detecting intricate 
patterns of fraudulent activities. - The 
ability to simulate and understand 
deceptive behaviors marked a notable 
strength. 

Challenges in the adaptability of 
generative AI to evolving social 
engineering tactics. - Continuous 
refinement and adaptation are 
necessary to address the dynamic 
nature of fraudulent schemes. 

Credit Card 
Analytics 

Uncovered the effectiveness of credit 
card analytics in swiftly identifying 
anomalous transactions and potential 
fraud. The technology's ability to analyze 
large datasets in real-time enhances its 
utility for timely intervention. 

Challenges observed in the false-
positive rate, emphasizing the need 
for fine-tuning algorithms to reduce 
the risk of blocking legitimate 
transactions. 

Cyber-Physical 
Security for IoT 
Networks 

Examination demonstrated promising 
capabilities of cyber-physical security 
applications in IoT networks for 
preemptive threat detection. Integration of 
AI algorithms enhanced the network's 
resilience against malicious activities. 

Scalability concerns emerged, 
indicating the need for further 
research to optimize cyber-physical 
security solutions for large-scale IoT 
deployments. 

 
Regarding data engineering for fraud detection, 
the conclusions and discussion encompass the 
advantages and disadvantages of machine 
learning and other AI technologies. Despite being 
a subfield of artificial intelligence, machine 
learning is distinguished by its applications and 
autonomy. The results indicate that to detect 
fraud, machine learning and other forms of 
artificial intelligence must employ superior data 
engineering. By analysing feature engineering, 
model training, and data preprocessing, the 
argument evaluates the advantages and 
disadvantages of integrating state-of-the-art AI 
and machine learning technologies with 
conventional machine learning methods. By 
demonstrating how to enhance data engineering 
activities to prevent deception in a variety of 
operational scenarios, the comparison improves 
methodology. 
 

8. CONCLUSION 
 
The application of AI, data, and analytics to 
prevent fraud has produced intriguing outcomes. 
The aforementioned results illustrate the 
revolutionary capacity of these technologies. A 
comparative analysis of AI fraud detection 
technologies has unveiled both their advantages 
and disadvantages. The provided information 
has enabled us to comprehend the practical 
implications of these methodologies. The 
application of machine learning to the analysis of 
real-time financial data revealed the dynamic 
nature of algorithmic decision-making and the 
criticality of promptly addressing fraud patterns. 

The importance of predicting patterns of 
fraudulent activity was emphasised in this role. 
An evaluation of data engineering in the context 
of fraud detection utilising artificial intelligence 
technologies such as machine learning reveals 
that enhancing fraud protection techniques 
requires effective data processing and model 
training. The analogy demonstrates this. 
 

9. IMPLICATIONS OF AI, DATA, AND 
ANALYTICS IN FRAUD PREVENTION 

 

As AI, data, and analytics converge, businesses 
are transforming the way they combat fraud. An 
immediate marine relocation is required. By 
enhancing fraud detection with AI techniques, 
novel proactive and adaptable preventive 
measures are made possible. The 
implementation of machine learning techniques 
in the analysis of real-time financial data 
underscores the criticality of prompt decision-
making and provides organisations with a 
competitive advantage over fraudulent entities. 
This aids businesses in remaining competitive. 
When examining data engineering 
methodologies across artificial intelligence 
technologies, the significance of customised 
solutions that augment fraud prevention 
frameworks through the utilisation of the 
capabilities of each methodology is underscored. 
 

10. FUTURE DIRECTIONS AND 
CHALLENGES IN THE FIELD 

 

Future years will bring both opportunities and 
challenges to the field of fraud prevention in the 
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form of AI, data, and analytics. To enhance fraud 
detection, researchers might investigate hybrid 
artificial intelligence models that combine distinct 
techniques. It is anticipated that explainability 
and transparency will progress the most with 
artificial intelligence. These developments 
concern ethical use and trust. Collaboration 
among academic institutions, industry 
stakeholders, and regulatory authorities is 
imperative to effectively tackle persistent 
challenges, including the intricacy of fraud                
and the imperative for standardised                
practices. 
 
An intriguing and novel approach is being taken 
to combat fraud by integrating analytics, data, 
and AI. The results establish a foundation for 
well-informed decision-making and continuous 
defence against threats. To combat fraud, 
organisations must implement cutting-edge 
technology and be proactive. Then and only then 
can they ensure a prosperous future. 
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APPENDIX 1 
 

Table a1. Review table 
 

Reference Objective Findings Conclusion Limitation 

[1] Explore fraud 
detection and 
risk assessment 
techniques in 
credit card 
analytics. 

Review various 
methodologies in 
credit card 
analytics, 
emphasizing the 
importance of 
dynamic models. 

Propose that 
dynamic models in 
credit card analytics 
are crucial for 
proactive fraud 
prevention. 

Limited focus on 
specific credit 
card-related 
fraud, may not 
cover broader 
fraud types. 

[2] Examine AI 
applications in 
Management 
Information 
Systems (MIS) 
with a focus on 
business 
analytics. 

Highlights the 
transformative 
impact of AI in MIS 
and underscores 
the importance of 
explainable AI. 

Advocates for 
transparent and 
interpretable AI in 
MIS for effective 
fraud prevention. 

Limited 
discussion on 
challenges faced 
in implementing 
explainable AI in 
practical MIS 
settings. 

[3] Investigate the 
potential and 
public strategies 
of AI in the 
financial sector. 

Explores the 
integration of AI in 
the financial sector 
and emphasizes 
the role of public 
strategies. 

Advocates for public-
private partnerships 
to enhance the 
security of financial 
systems with AI. 

Limited 
discussion on the 
specific 
challenges faced 
in implementing 
public strategies 
in different 
financial 
environments. 

[4] Investigate the 
role of generative 
AI in social 
engineering and 
phishing. 

Explores the 
techniques of 
generative AI in 
social engineering 
and phishing 
attacks. 

Emphasizes the 
need for advanced 
countermeasures to 
combat evolving AI-
enabled social 
engineering threats. 

Limited 
discussion on 
specific industries 
or contexts where 
these threats are 
most prevalent. 

[5] Review cyber-
physical security 
for IoT networks 
with a focus on 
traditional, 
blockchain, and 
AI-based key 
security. 

Evaluates 
cybersecurity 
strategies for IoT 
networks, 
emphasizing 
traditional, 
blockchain, and AI-
based key security. 

Suggests a 
comprehensive 
approach combining 
traditional methods, 
blockchain, and AI 
for robust cyber-
physical security in 
IoT networks. 

Limited 
exploration of the 
scalability 
challenges 
associated with 
implementing AI-
based security in 
large-scale IoT 
deployments. 

[6] Examine the 
governance of 
artificial 
intelligence 
through the lens 
of emerging 
intersections 
between AI and 
EU law. 

Investigates the 
emerging 
intersections 
between AI and EU 
law to propose a 
system of 
governance for AI. 

Proposes a 
governance 
framework that aligns 
with EU legal 
principles, ensuring 
responsible AI use. 

Limited 
discussion on the 
potential conflicts 
or challenges in 
implementing this 
governance 
framework across 
diverse legal 
systems. 

[7] Explore the 
driving factors 
behind the 

Analyzes the 
factors influencing 
the adoption of AI 

Discusses the shift 
from early adopters 
to early majority and 

Limited 
examination of 
potential ethical 
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Reference Objective Findings Conclusion Limitation 

artificial 
intelligence and 
machine 
learning-powered 
transformation in 
financial 
services. 

and machine 
learning in financial 
services. 

identifies key drivers 
of AI transformation 
in financial sectors. 

concerns 
associated with 
the widespread 
adoption of AI in 
financial services. 

[8] Investigate the 
role of "artificially 
intelligent cities" 
in safeguarding 
humanity from 
natural disasters, 
pandemics, and 
catastrophes. 

Explores the 
concept of 
artificially intelligent 
cities and their 
potential in disaster 
prevention and 
management. 

Advocates for the 
use of AI in building 
resilient cities to 
mitigate the impact of 
natural disasters and 
pandemics. 

Limited 
discussion on the 
potential ethical 
implications or 
unintended 
consequences of 
implementing AI 
in urban planning. 

[9] Review 
trustworthy and 
explainable AI 
(XAI) in the 
context of AI 
applications. 

Examines the 
challenges and 
advancements in 
making AI systems 
more transparent 
and interpretable. 

Highlights the 
importance of 
trustworthy and 
explainable AI, 
particularly in 
sensitive applications 
such as fraud 
prevention. 

Limited 
exploration of 
specific industries 
or contexts where 
XAI 
implementation is 
more challenging 
or crucial. 

[10] Investigate 
military 
applications of 
artificial 
intelligence. 

Explores the 
diverse military 
applications of AI, 
with a focus on 
potential 
implications and 
challenges. 

Discusses the 
potential benefits and 
risks associated with 
the military use of AI 
technologies. 

Limited 
discussion on the 
long-term ethical 
considerations 
and potential 
consequences of 
AI in military 
operations. 

[11] Conduct a 
survey of fintech 
research and 
policy 
discussions. 

Surveys the 
landscape of 
fintech research 
and policy 
discussions, 
emphasizing key 
findings. 

Provides a 
comprehensive 
overview of the state 
of fintech, identifying 
key research trends 
and policy 
considerations. 

Limited 
examination of 
the potential 
regulatory 
challenges 
associated with 
the rapid 
evolution of 
fintech. 

[12] Investigate the 
impact of 
enhancing the 
consistency and 
interpretation of 
financial 
statements in 
classified hotels 
using artificial 
intelligence. 

Explores how AI 
enhances the 
consistency and 
interpretation of 
financial 
statements in 
classified hotels. 

Demonstrates the 
positive impact of AI 
in improving the 
reliability and 
interpretation of 
financial statements. 

Limited 
discussion on the 
potential biases or 
challenges 
associated with 
using AI in 
financial 
statement 
interpretation. 

[13] Explore an 
empathy-driven, 
conversational AI 
agent (Wysa) for 
digital mental 
well-being. 

Evaluates the 
effectiveness of an 
empathy-driven AI 
agent (Wysa) for 
digital mental well-
being. 

Demonstrates 
positive real-world 
data evaluation and 
mixed-methods study 
results for the 
conversational AI 

Limited 
discussion on the 
potential 
limitations or 
challenges in 
deploying 
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agent. conversational AI 
for mental well-
being on a larger 
scale. 

[14] Explore artificial 
diplomacy and 
provide a guide 
for public officials 
on conducting 
Artificial 
Intelligence. 

Investigates the 
role of artificial 
diplomacy and 
provides guidance 
for public officials 
on AI use. 

Proposes a 
framework for 
responsible and 
effective AI use in 
diplomatic 
processes. 

Limited 
discussion on 
potential 
resistance or 
challenges in 
implementing AI 
in diplomatic 
practices. 

[15] Develop a legal 
framework for AI 
training data, 
focusing on the 
principles laid out 
in the Artificial 
Intelligence Act. 

Constructs a legal 
framework for AI 
training data based 
on foundational 
principles. 

Advocates for the 
implementation of 
legal safeguards to 
ensure fair and 
ethical AI training 
data practices. 

Limited 
exploration of 
potential legal 
conflicts or 
ambiguities that 
may arise in the 
enforcement of 
the proposed 
framework. 

[16] Review methods 
for interpreting 
black-box 
models in AI. 

Examines 
techniques for 
interpreting black-
box AI models, 
emphasizing the 
importance of 
explainability. 

Highlights 
advancements in 
interpreting black-
box models and 
discusses their 
significance for 
trustworthy AI. 

Limited 
discussion on the 
practical 
challenges or 
industry-specific 
considerations in 
implementing 
interpretability 
methods. 

[17] Investigate 
technologies 
behind precision 
propaganda on 
the internet. 

Explores the 
technologies 
enabling precision 
propaganda on the 
internet. 

Highlights the digital 
deceit methods and 
technologies used in 
precision 
propaganda. 

Limited 
discussion on the 
potential 
countermeasures 
or regulatory 
approaches to 
address precision 
propaganda 
challenges. 

[18] Explore Java's 
application in AI 
for fraud 
detection and 
prevention. 

Investigates how 
Java can be 
leveraged for AI-
driven fraud 
detection and 
prevention. 

Demonstrates the 
effectiveness of Java 
in implementing AI 
algorithms for fraud 
prevention. 

Limited 
discussion on 
potential 
challenges in 
integrating Java-
based AI solutions 
into existing fraud 
prevention 
systems. 

[19] Examine fraud 
detection and 
prevention using 
big data 
analytics. 

Explores big data 
analytics for fraud 
detection and 
prevention. 

Advocates for the 
use of big data 
analytics as an 
effective tool in 
identifying and 
preventing fraud. 

Limited 
exploration of the 
computational 
challenges or 
scalability issues 
in processing 
large datasets for 
fraud detection. 
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[20] Analyze data 
engineering for 
fraud detection 
using machine 
learning and AI 
technologies. 

Investigates data 
engineering 
approaches for 
fraud detection, 
comparing machine 
learning and AI 
technologies. 

Highlights the 
strengths and trade-
offs of machine 
learning and broader 
AI in data 
engineering for fraud 
prevention. 

Limited 
discussion on 
specific industry 
contexts where 
one approach 
might outperform 
the other in data 
engineering for 
fraud detection. 

[21] Compare 
predictive 
analytics with 
machine learning 
for fraud 
detection of real-
time financial 
data. 

Conducts a 
comparative 
analysis of 
predictive analytics 
and machine 
learning for real-
time fraud 
detection. 

Identifies the 
strengths and 
limitations of each 
approach in real-time 
financial fraud 
detection. 

Limited 
exploration of 
potential biases in 
predictive 
analytics or 
machine learning 
models in the 
context of 
financial data. 

[22] Explore 
leveraging 
machine learning 
and artificial 
intelligence for 
fraud prevention. 

Investigates the 
potential of 
machine learning 
and AI in enhancing 
fraud prevention 
strategies. 

Proposes strategies 
for leveraging 
advanced 
technologies in fraud 
detection and 
prevention. 

Limited 
discussion on the 
potential 
challenges or 
ethical 
considerations 
associated with 
implementing 
machine learning 
and AI in fraud 
prevention. 

[23] Investigate 
prevention and 
detection for risk 
and fraud in the 
digital age. 

Explores strategies 
for preventing and 
detecting risk and 
fraud in the digital 
age. 

Advocates for 
proactive measures 
to address emerging 
threats and 
challenges in digital 
risk and fraud 
prevention. 

Limited 
discussion on the 
adaptability of 
proposed 
measures to 
rapidly evolving 
digital fraud 
tactics. 

[24] Examine the role 
of artificial 
intelligence in 
financial fraud 
detection. 

Investigates how AI 
contributes to the 
detection of 
financial fraud. 

Demonstrates the 
positive impact of AI 
in enhancing the 
accuracy and 
efficiency of financial 
fraud detection. 

Limited 
exploration of 
potential biases or 
challenges in AI-
based financial 
fraud detection 
algorithms. 

[25] Analyze artificial 
intelligence 
techniques for 
fraud detection. 

Explores various AI 
techniques 
employed in fraud 
detection. 

Highlights the 
effectiveness and 
adaptability of AI 
techniques in 
identifying and 
preventing fraud. 

Limited 
discussion on the 
computational 
resources 
required or 
scalability 
challenges 
associated with 
certain AI 
techniques in 
fraud detection. 

[26] Investigate fraud Explores the use of Identifies patterns Limited 
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detection on 
social media 
using data 
analytics. 

data analytics for 
fraud detection on 
social media 
platforms. 

and anomalies 
indicative of 
fraudulent activities 
on social media. 

exploration of the 
ethical 
considerations or 
potential privacy 
concerns 
associated with 
implementing 
data analytics for 
fraud detection on 
social media. 

[27] Analyze machine 
learning-based 
approaches for 
healthcare fraud 
detection. 

Examines the 
effectiveness of 
machine learning in 
detecting 
healthcare fraud. 

Highlights the 
potential of machine 
learning to enhance 
fraud detection in 
healthcare settings. 

Limited 
discussion on 
potential 
challenges or 
biases associated 
with machine 
learning 
applications in 
healthcare fraud 
detection. 

[28] Enhance fraud 
detection in 
financial 
transactions 
through big data 
analytics. 

Investigates the 
role of big data 
analytics in 
improving fraud 
detection in 
financial 
transactions. 

Advocates for the 
integration of big 
data analytics to 
enhance the 
accuracy and 
timeliness of fraud 
detection. 

Limited 
discussion on the 
potential resource 
requirements or 
scalability 
challenges 
associated with 
implementing big 
data analytics for 
financial fraud 
detection. 

[29] Investigate food 
fraud detection 
using explainable 
artificial 
intelligence. 

Explores the use of 
explainable artificial 
intelligence in 
detecting food 
fraud. 

Advocates for 
transparent and 
interpretable AI 
models to enhance 
the trustworthiness of 
food fraud detection 
systems. 

Limited 
discussion on the 
practical 
challenges or 
industry-specific 

[30] Investigate fraud 
detection using 
data analytics. 

Explores the 
application of data 
analytics in fraud 
detection. 

Identifies key 
patterns and 
anomalies indicative 
of fraudulent 
activities through 
data analytics. 

Limited 
discussion on the 
potential 
challenges or 
false-positive 
rates associated 
with data 
analytics in fraud 
detection. 

[31] Explore fraud 
detection and 
risk assessment 
techniques in 
credit card 
analytics. 

Review various 
methodologies in 
credit card 
analytics, 
emphasizing the 
importance of 
dynamic models. 

Propose that 
dynamic models in 
credit card analytics 
are crucial for 
proactive fraud 
prevention. 

Limited focus on 
specific credit 
card-related 
fraud, may not 
cover broader 
fraud types. 
 

[32] Examine AI 
applications in 

Highlights the 
transformative 

Advocates for 
transparent and 

Limited 
discussion on 
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Reference Objective Findings Conclusion Limitation 

Management 
Information 
Systems (MIS) 
with a focus on 
business 
analytics. 

impact of AI in MIS 
and underscores 
the importance of 
explainable AI. 

interpretable AI in 
MIS for effective 
fraud prevention. 

challenges faced 
in implementing 
explainable AI in 
practical MIS 
settings. 

[33] Investigate the 
potential and 
public strategies 
of AI in the 
financial sector. 

Explores the 
integration of AI in 
the financial sector 
and emphasizes 
the role of public 
strategies. 
 
 

Advocates for public-
private partnerships 
to enhance the 
security of financial 
systems with AI. 

Limited 
discussion on the 
specific 
challenges faced 
in implementing 
public strategies 
in different 
financial 
environments. 

[34] Investigate the 
role of generative 
AI in social 
engineering and 
phishing. 

Explores the 
techniques of 
generative AI in 
social engineering 
and phishing 
attacks. 

Emphasizes the 
need for advanced 
countermeasures to 
combat evolving AI-
enabled social 
engineering threats. 

Limited 
discussion on 
specific industries 
or contexts where 
these threats are 
most prevalent. 

[35] Review cyber-
physical security 
for IoT networks 
with a focus on 
traditional, 
blockchain, and 
AI-based key 
security. 
 

Evaluates 
cybersecurity 
strategies for IoT 
networks, 
emphasizing 
traditional, 
blockchain, and AI-
based key security. 

Suggests a 
comprehensive 
approach combining 
traditional methods, 
blockchain, and AI 
for robust cyber-
physical security in 
IoT networks. 

Limited 
exploration of the 
scalability 
challenges 
associated with 
implementing AI-
based security in 
large-scale IoT 
deployments. 

 
Table A2. Table for search database 

 

Database Name Search Terms Used Number of 
Results 

PubMed "Artificial Intelligence" AND "Fraud Prevention" 120 
IEEE Xplore "Machine Learning" AND "Financial Fraud 

Detection" 
60 

Scopus "Data Analytics" AND "Cybersecurity" 50 
Web of Science "AI Applications" AND "Risk Assessment" 82 
JSTOR "Generative AI" AND "Social Engineering" 62 
ProQuest "Blockchain" AND "Cyber-Physical Security" 55 
ScienceDirect "Explainable AI" AND "Trustworthy AI" 89 
ACM Digital Library "Fintech" AND "Fraud Prevention" 45 
Google Scholar "Java in AI" AND "Fraud Detection" 32 
Business Source 
Complete 

"Big Data Analytics" AND "Financial Fraud" 22 
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